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Abstract: Building effective deduplication index in the memory could reduce disk access times and enhance chunk fin-
gerprint lookup speed, which was a big challenge for deduplication algorithms in massive data environments. As dedu-
plication data set had many samples with high similarity, a deduplication algorithm based on condensed nearest neighbor
rule, which was called Dedup?, was proposed. Dedup? uses clustering algorithm to divide the original deduplication metadata
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